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Big data and its importance in academic work from the point of view of
academics at Taibah University: a pilot study
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Abstract. This study aims to explore the academics’ opinions about Big Data, its importance and characteristics,
and the tools used in Big Data analysis. A total of 25 academics at the Faculty of Arts and Humanities at Taibah
University participated in this study. The study adopted a descriptive research approach using an online survey
questionnaire to collect data from the sample. To answer research questions, the data were analyzed using SPSS to
measure mean scores, standard deviations, and percentages. The results showed that the majority of participants
were well aware of Big Data and its characteristics. According to them, the most important characteristics of Big
Data could be arranged in following descending order: size, value, velocity, variety, veracity, and virality. The
majority of participants also agreed on the importance of Big Data and its positive impact on their work
performance. Further, the results showed that the participants have knowledge or experience of the various tools
and analyses used in Big Data. The importance of this study lies in the fact that it is one of few studies that have
been conducted in Saudi Arabia on Big Data, besides it is the first on the usage of Big Data in educational
institutions from academics’ point of view.
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